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MultiMed - the first multilingual
medical ASR dataset, supporting 5
lang.: Vietnamese, English, German,
Chinese, and French

The first publicly available multilingual
medical ASR models, spanning small to

Table 6: Main baselines - WERs and CERs of fully
encoder-decoder fine-tuning using Small Whisper
model on all languages (multilingual fine-tuning)

2. Hybrid ASR is more data-
computation-efficient than AED ASR.

and

include misrecognized clinical terms,
hallucinations, omissions, and
duplications.

6. Errors often arise from vowel
proximity in Viethamese, English,

and Medium

- Decoder-only fine-tuning (encoder
freezing) and Fully encoder-decoder
fine-tuning
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Table 5: Main basclines - WERs and CERs of fully encoder-decoder fine-tuning using different Whisper models|

on each separate language (monolingual fine-tuning)

4. Maintaining the consistent freezing of
a contiguous group of layers ensures

high accuracy.

establish baselines for medical ASR,
emphasizing the need for clinical pilot
testing due to the high stakes of
transcription accuracy..

MultiMed is the world’s largest medical ASR dataset across all major benchmarks, to the best of our knowledge: total duration, number

Data

of recording conditions, number of accents, and number of speaking roles.

Dataset Venue Dur. Language Nature #Rec. Cond. #Spk #Acc #Roles
MultiMed (ours) - 150h Multiling. Real-world 10 198 16 6
VietMed (Le-Duc, 2024) LREC-COLING 16h Vietnamese Real-world 8 61 6 6
PriMock57 (Korfiatis et al., 2022) ACL 9h English Simulated 1 64 4 2
Work by Fareez et al. (2022) Nature 55h English Simulated 1 N/A 1 2
AfriSpeech-200 (Olatunji et al., 2023) TACL ~123h African English Read speech 1 N/A  N/A 1
myMediCon (Htun et al., 2024) LREC-COLING 11h Burmese Read speech 1 12 5 2




