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1 Linear maps

We shall study the notion of maps between vector spaces, called linear maps or homomor-
phisms. A function f : V !W between vector spaces de�ned over the same �eld F is a linear
map if

(1) f(x+ y) = f(x) + f(y)

(2) f(�x) = �f(x)

for all x; y 2 V and all � 2 F; these two conditions are equivalent to the single condition that
f distributes over linear combinations

f(
X
i

�ixi) =
X
i

�if(xi):

Now assume that we have a basis

e = fe1; e2; : : : ; eng

for V and a basis e0 for W . We would like to assign a matrix to the linear map f which
depends on the two bases we have chosen and represents the function f completely. We do
this by de�ning the matrix [f ](e;e0) to have as its i-th column the vector [f(ei)]e0 : Thus we can
write this matrix as

[f ](e;e0) = [[f(e1)]e0 � � � [f(en)]e0 ];

if W is of dimension k, this matrix is a k�n matrix. Our next goal is to show that this matrix
[f ](e;e0) gives the same geometric information as the linear map f .

We begin this task with a theorem.

Theorem 4.1. Let e = fe1; � � � ; eng be a basis for V . Then for any set of vectors w1; � � � ; wn 2
W , there exists a unique linear map f : V !W with the property that f(ei) = wi for all i.
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Proof: We �rst show uniqueness, and existence follows easily afterwards. Assuming there
is such an f , then its value on a vector x 2 V is determined since e is a basis. Writing
x =

Pn
i=1 �iei, we have that

f(x) = f(
nX

i=1

�iei) =
nX

i=1

�if(ei);

this shows uniqueness.

To show the existence of such a map, we de�ne

f(x) =
nX

i=1

�iwi

and check that this is a linear map. This is left as a simple exercise.

The theorem means that the matrix [f ] is determined by the images f(ei) of each of the
basis vectors in V , and by the de�nition of basis this determines the linear map f as well.
Conversely, if we know where f sends each basis vector, then there is a unique linear map that
agrees with f on e. Thus the matrix [f ] and the linear map f give the same information.

Example 4.2 ((The derivative of polynomials)). Remember that the collection of all
polynomials of degree n, denoted Pn, is a vector space of dimension n + 1 which is spanned
by the basis 1; x; x2; � � � ; xn. There is a linear map D which sends the polynomial p(x) to its
derivative polynomial p0(x); thus we have a linear map D : Pn ! Pn�1. We shall compute the
matrix [D] with respect to the natural bases. We know that D(xk) = kxk�1, so D(ek) = kek�1
where k ranges from 0 to n. This shows that the matrix [D] has, as its k-th column the vector
which is all zeros except that its (k � 1)-st entry is (k � 1); this is an n� (n+ 1) matrix. For
n = 3, the matrix for D : P3 ! P2 is shown below.

[D] =

2
4 0 1 0 0

0 0 2 0
0 0 0 3

3
5

Example 4.3. Projection onto the plane:

We have a linear map � : R3 ! R
2 which forgets about the z-coordinate. Using the

standard basis, we have
�(e1) = e1
�(e2) = e2
�(e3) = 0

and so the 2� 3 matrix [�] is �
1 0 0
0 1 0

�
:
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Example 4.4. Rotation of the plane by the angle �: We denote by �� the map which rotates
R
2 by the �xed angle �. Using the standard basis, we �nd that

[��] =

�
cos� � sin�
sin� cos�

�
:

If we use a di�erent basis, however, the matrix for �� changes. Let e1 be the vector (1; 0) as
before, but now let e3 be the vector obtained by rotating e1 by �. In general, these vectors
are linearly independent, and thus form a basis for R2. Now we will compute [��] with respect
to this basis. By de�nition, ��(e1) = e3; using some basic geometry we can determine ��(e3)
and thus �nd that the matrix [��] is now�

0 �1
1 2 cos�

�
:

This examples shows that when computing the matrix associated to a linear map, it is impor-
tant to remember what bases are involved.

We can now make two de�nitions that will be useful later.

De�nition 4.5. Let A be an n � n matrix (it is important that A is a square matrix here).
Then we de�ne the trace of A, denoted trA, to be the sum of the diagonal entries of A. If A
is the 2� 2 matrix �

a b

c d

�
;

then we de�ne the determinant of A to be

detA = ad� bc:

We will later see how to de�ne determinant for n � n matrices. If we are given a linear map
f : V ! V , then the trace and determinant of the matrix [f ] do not depend on what basis we
have chosen. In the examples above of the two matrices associated to the rotation map, it is
easy to check that both matrices have trace 2 cos� and determinant 1.

Assume that we are given two matrices, A = (aij) and B = (bjk) where A is an r � s

matrix and B is an s� t matrix. Then we can multiply them to get a matrix C = AB, where
C = (cik) and the entry cik is equal to

sX
j=1

aijbjk:

Note that A must have the same number of rows as B has columns or the indices will not
match as they should.

Let f : V ! W be a linear map, with bases e for V and e0 for W . Given a vector x 2 V ,
we would like to determine the coordinates of the vector [f(x)] with respect to e0 in terms of
the corrdinates of x with respect to e and the matrix [f ](e;e0).
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Exercise 4.6. Using the de�nition of matrix multiplication above, we have the formula

[f ](e;e0)[x]e = [f(x)]
e

0 :

We can use this exercise to study the relationship between the composite of two linear maps
and the product of their matrices. Let f : V !W and g : W ! Z be two linear maps, and let
V;W;Z have bases e; e0; e00, respectively. We have the composite map gf which is de�ned on
vectors as (gf)(x) = g(f(x)); we also have matrices [f ](e;e0) and [g](e0;e00), as well as a matrix
for the composite gf with respect to e and e00. The goal is to prove that

[gf ](e;e00) = [g](e0;e00)[f ](e;e0):

To do this, a lemma is required.

Lemma 4.7. If A is a k � n matrix, then A = 0 if and only if for all x 2 Fn, Ax = 0.

Proof: If A = 0, it is obvious that Ax = 0 for all x. Assume that A 6= 0; we will produce
a vector x such that Ax 6= 0, and that will complete the proof. Since A is nonzero, it has a
nonzero entry; call it aij . Then Aej =

P
l aljel, where the vector el is zero except for entry l

which is 1. This vector is nonzero, since aij is nonzero.

Corollary 4.8. If for all vectors x, Ax = Bx, then A = B as matrices.

Proof: If Ax = Bx, then (A�B)x = 0 for all x and therefore A�B = 0 by the above.

Now we can show that [gf ] = [g][f ] by showing that these two matrices are equal when
applied to any vector x. On the left side, we have

[gf ][x] = [(gf)(x)]

by the exercise above. On the right, we have

[g][f ][x] = [g][f(x)] = [g(f(x))];

but [(gf)(x)] = [g(f(x))] since that is exactly how the composition of two functions is de�ned.
This proves that [gf ] = [g][f ].

Returning to our example of the linear map which rotates by �, we can use that [��][��] =
[����] to prove the angle-sum formula from trigonometry. Since rotating by � and then rotating
by � is the same as rotating by �+ �, we get that

[����] = [��+�] =

�
cos(�+ �) � sin(�+ �)
sin(�+ �) cos(�+ �)

�
:

Multiplying the matrices for �� and �� together, the result is

�
cos� cos� � sin� sin� �(sin� cos� + cos� sin�)
sin� cos� + cos� sin� cos� cos� � sin� sin�

�
;
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comparing these two matrices gives the desired identity.

Now we turn to using matrices to solve systems of linear equations. If A = [a1a2 � � � an] is
a k � n matrix with columns ai, and x is any vector, then Ax = x1a1 + x2a2 + � � � + xnan.
Therefore the equation Ax = 0, where x is the variable, always has the trivial solution x = 0.

Exercise 4.9. Ax = 0 has a nontrivial solution if and only if the columns of A are linearly
dependent if and only if the rank of A is less than n.

Exercise 4.10. If A is a k � n matrix, then Ax = 0 has a nontrivial solution if k < n (Hint:

use Exercise ??).

Exercise 4.11 (Showing the existence of a nontrivial solution). Using the corollary
above, we can show that the system of equations

2x+ 3y � z = 0
7x+ 8y + 5z = 0

has a nontrivial solution. Solving this system is equivalent to solving Ax = 0 where

A =

�
2 3 �1
7 8 5

�

and

x =

2
4 7

8
5

3
5 :

In this case, k = 2 and n = 3, so there must be a nontrivial solution.

If we try to solve the general equation Ax = b, this is equivalent to solving

X
i

xiai = b;

or �nding out if b is in the span of the vectors ai.

Exercise 4.12. The equation Ax = b is solvable if and only if b 2 Spanfaig if and only if the
rank of A is the same as the rank of [Ajb].

Let U = fx : Ax = 0g; this is called the solution space. It is easy to see that U is a
subspace of Fn. It is obvious that U contains the zero vector. If x; y 2 U , then (x + y) 2 U

since
A(x+ y) = Ax+Ay = 0 + 0 = 0:

Similarly, if x 2 U , then �x 2 U .

Theorem 4.13. The dimension of U is n� rk(A).

5



Proof: De�ne ' : Fn ! F
k by '(x) = Ax; ' is linear because A is a matrix. The kernel of

' is exactly the subspace U de�ned above. We know that dim(ker') = n � dim(im'), so we
only need to show that dim(im') = rk(A). But the image of ' is the set of all vectors of the
form Ax, and this subspace is spanned by the columns of A, hence the dimension of the image
is necessarily the rank of A.

It is important to note that Ax = b may or may not have a solution. Assume that it does
have a solution, and call that solution x0. To �nd all solutions to Ax = b, we can subtract

Ax = b

� Ax0 = b

A(x� x0) = 0

to �nd that all solutions of Ax = b are translates of the vector x0 by elements of U . Another
way to say this is that x�x0 is a solution to Ax = 0 (where x really means two di�erent things
in this sentence) , so x� x0 2 U ; this is the same as saying that x 2 x0 + U or that x has the
form x0 + w for w 2 U .
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